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Abstract. This study aims to analyze the role of Artificial Intelligence (AI) and

Machine  Learning  (ML)  technologies  in  enhancing  external  audit  efficiency  and

reducing financial manipulation risks in financial reporting. The study is based on the

rapid  digital  transformation  occurring  in  the  accounting  and  auditing  profession,

which has significantly reshaped traditional audit approaches toward more intelligent

methods that rely on predictive analytics and anomaly detection in financial data. The

study adopts a descriptive analytical approach based on reviewing recent literature in

the  field  of  AI  and  external  auditing.  The  findings  indicate  that  the  use  of  AI

technologies  significantly improves  audit  efficiency,  enhances  the  quality  of  audit

evidence, increases the ability to detect financial manipulation, and reduces associated

risks.
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Аннотация. Настоящее  исследование  направлено  на  анализ  роли

технологий  искусственного  интеллекта  (AI)  и  машинного  обучения  (ML)  в

повышении эффективности внешнего аудита и  снижении рисков финансовых

манипуляций  в  финансовой  отчётности.  Исследование  основано  на

стремительной  цифровой  трансформации,  происходящей  в  сфере

бухгалтерского учёта  и  аудита,  которая  существенно изменила традиционные

подходы к проведению аудита, сместив их в сторону более интеллектуальных

методов,  основанных  на  прогнозной  аналитике  и  выявлении  аномалий  в

финансовых данных. В работе используется описательно-аналитический подход,

основанный  на  обзоре  современных  научных  публикаций  в  области

искусственного  интеллекта  и  внешнего  аудита.  Полученные  результаты

свидетельствуют о том, что применение технологий искусственного интеллекта

значительно повышает эффективность аудита,  улучшает качество аудиторских

доказательств, усиливает возможности выявления финансовых манипуляций и

снижает связанные с ними риски.

Ключевые  слова: искусственный  интеллект;  машинное  обучение;

внешний  аудит;  финансовые  манипуляции;  прогнозная  аналитика;  качество

финансовой отчётности.

Introduction

The modern economy is undergoing a fast and massive digital change in all

economic and financial sectors which has a direct impact on the external auditing

profession. External audits are more and more performed with the help of AI and

machine learning technologies used for financial data analysis and error and fraud

detection. These technologies have changed the work of external auditors by making

it  a  more  data-driven  and  predictive  one  rather  than  sampling-based  traditional

methods.

Recent research has shown that Artificial Intelligence has been very successful

in  improving audit  quality  and reducing risks of  financial  manipulations,  as  large
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volumes of data can be analyzed within a short period, and abnormal patterns that

may  be  indicative  of  fraud  can  be  detected  (Appelbaum et  al.,  2017;  Kokina  &

Davenport,  2023). Also, Machine Learning is extensively used in models capable of

learning  from  historical  data  and  predicting  future  risks  more  accurately  than

traditional methods (Cao et al., 2024).

The  International  Auditing  and  Assurance  Standards  Board  (IAASB,  2023)

states that incorporating AI into the processes of external auditing will make financial

statements more reliable and internal control systems more effective. Deloitte (2024)

also  found  that  smart  analytics  cut  risk  of  material  misstatement  by  over  50%

compared to traditional methods.

This transformation therefore necessitates a re-evaluation of external audit tools

and methodologies to bring them in line with the latest technological advancements,

which can ensure better efficiency and transparency in financial reporting.

Research Problem

The research problem lies  in  the continued reliance  of  many external  audit

firms on traditional auditing methods despite the significant advancement in Artificial

Intelligence and Machine Learning technologies. This reliance limits the ability to

analyze big data and detect complex financial manipulations, thereby reducing audit

efficiency and increasing the risk of errors and financial fraud.

Research Gap

The research gap is represented in:

 The limited number of empirical studies directly linking AI with external audit

efficiency. 

 The lack of models explaining how Machine Learning can be used for early

fraud detection. 

 The scarcity of studies measuring the quantitative impact of AI on audit quality.

 The  shortage  of  research  in  developing  economies  compared  to  developed

countries. 
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Research Opportunity

The  research  opportunity  lies  in  the  potential  to  develop  intelligent  audit

models  based on AI to improve audit quality and create early warning systems for

fraud detection. It also includes the possibility of integrating predictive analytics into

traditional auditing procedures to achieve more comprehensive and effective auditing

systems.

Significance of the Study

The  importance  of  this  study  stems  from  highlighting  one  of  the  most

significant modern transformations in the auditing profession, namely the shift toward

intelligent  auditing.  It  also  contributes  to  equipping  audit  firms  with  advanced

analytical tools, enhancing fraud detection capabilities, improving financial reporting

quality, and strengthening investor confidence and market stability.

Objectives of the Study

The  study  aims  to  analyze  the  role  of  Artificial  Intelligence  in  improving

external audit efficiency, examine the impact of Machine Learning on fraud detection,

evaluate the contribution of intelligent technologies in reducing financial fraud risks,

and develop a conceptual framework illustrating the relationship between the  study

variables.

Methodology

The study adopts a descriptive-analytical approach to present  the theoretical

framework of  Artificial  Intelligence  and external  auditing,  along  with  a  literature

review of relevant recent studies. It also relies on a deductive approach to develop

hypotheses  and  interpret  relationships  between  variables.  Advanced  statistical

methods such as AMOS or Smart PLS may be used in future empirical studies.

Research Model (Variables Framework)
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Theoretical Foundations of Artificial Intelligence and Machine Learning

Technologies and Their Role in Developing External Auditing

1.1  Concept  of  Artificial  Intelligence  and Machine  Learning  and Their

Importance in the Modern Auditing Environment

Recent years have witnessed rapid developments in digital technologies, with

Artificial Intelligence (AI) and Machine Learning (ML) emerging as some of the most

influential  innovations  transforming various  economic  and financial  sectors.  Their

impact has extended to the external auditing profession, which heavily relies on data

analysis, risk assessment, and professional judgment. Given the increasing volume of

financial data and the growing complexity of accounting transactions, it has become

essential to adopt advanced technologies that assist auditors in performing their tasks

more efficiently and effectively.

Artificial Intelligence refers to the capability of computer systems to simulate

human cognitive processes such as thinking, learning, analysis, and decision-making.

Machine  Learning,  on  the  other  hand,  is  a  major  branch  of  AI  that  focuses  on

developing algorithms capable of learning from data and improving their performance

over time without explicit programming (Russell & Norvig, 2021).

The significance of AI in external  auditing lies in its  ability to process and

analyze  massive  volumes  of  financial  data  within  a  short  period,  identify  hidden

relationships and patterns, and detect anomalies that traditional auditing techniques
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may overlook.  Furthermore,  AI  enables  auditors  to  examine entire  populations  of

transactions rather than relying solely on statistical sampling, thereby improving audit

quality and increasing the reliability of audit outcomes (Appelbaum et al., 2017).

AI  applications  have  also  contributed  to  the  development  of  continuous

auditing, which involves real-time monitoring of financial transactions and immediate

identification of irregularities, enhancing auditors’ ability to assess risks and respond

promptly to unusual activities (Kokina & Davenport, 2023).

Figure (1-1): Evolution of External Auditing Through Artificial Intelligence and

Machine Learning Technologies

Source: Prepared by the researcher based on Appelbaum et al. (2017) and Kokina & Davenport

(2023).

1.2  Components  and  Technologies  of  Artificial  Intelligence  Used  in

External Auditing

Artificial  Intelligence  in  the  auditing  environment  consists  of  several

interconnected technologies that support external auditors in performing their tasks.

The  most  important  of  these  technologies  include  Machine  Learning,  Natural

Language Processing (NLP), Artificial Neural Networks, Predictive Analytics, and

Big Data Analytics.

Machine Learning is considered one of the most widely used technologies in

external  auditing  because  it  enables  the  development  of  models  capable  of
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recognizing normal and abnormal financial patterns based on historical data. These

models are employed to detect material misstatements, fraudulent activities, and high-

risk areas requiring additional audit attention (Cao et al., 2024).

Natural  Language  Processing  assists  auditors  in  analyzing  annual  reports,

financial disclosures, and legal contracts to extract material information relevant to

audit judgments. Artificial Neural Networks further enhance predictive capabilities by

identifying complex relationships among financial variables and forecasting potential

financial problems (PwC, 2024).

In  addition,  Big  Data  Analytics  enables  auditors  to  examine  millions  of

financial records in real time, improving the quality of audit evidence and reducing

the likelihood of overlooking suspicious transactions or unusual activities (IAASB,

2023).

1.3 The Role of Artificial Intelligence and Machine Learning in Enhancing

External Audit Efficiency

External  audit  efficiency  is  one  of  the  most  important  indicators  used  by

organizations  and  investors  to  evaluate  the  quality  of  financial  reporting.  Audit

efficiency  refers  to  the  auditor’s  ability  to  perform audit  procedures  with  a  high

degree of accuracy and speed while making optimal use of available resources.

AI technologies enhance audit efficiency by automating numerous routine tasks

that  traditionally require  significant  time and effort,  such as reviewing accounting

entries,  testing  internal  controls,  and  reconciling  financial  information.  They  also

enable  comprehensive  data  analysis  instead  of  limited  sampling  approaches,

increasing the accuracy of audit results and minimizing human errors (Deloitte, 2024).

Recent studies indicate that AI contributes significantly to improving the quality of

audit evidence, enhancing auditors’ ability to identify material risks, reducing audit

completion time, and supporting data-driven professional judgments (ACCA, 2024).

1.4 The Role of Artificial Intelligence and Machine Learning in Mitigating

Financial Manipulation Risks

________________________________________________________________ 
"Мировая наука" №6 (111) 2026                                               science-j.com



Financial manipulation represents one of the most significant challenges facing

the auditing profession due to its adverse impact on investors, financial markets, and

stakeholder  confidence.  The  complexity  of  modern  financial  transactions  and  the

increasing  sophistication  of  fraudulent  schemes  have  intensified  the  need  for

advanced detection mechanisms.

In this context, AI technologies provide powerful tools for identifying financial

manipulation through the analysis of behavioral patterns in financial transactions and

comparison with historical  patterns.  Machine Learning algorithms can detect  early

indicators  of  fraudulent  activities  and  identify  suspicious  transactions  requiring

further investigation (Baldwin et al., 2024).

Many  large  organizations  currently  employ  intelligent  systems  capable  of

continuously  monitoring  financial  transactions  and  generating  real-time  alerts

whenever unusual  activities are  detected.  Such systems have significantly reduced

fraud risks and enhanced the reliability of financial reports (PwC, 2024).

Figure (1-2). The Impact of Artificial Intelligence on Enhancing External

Auditing and Reducing Financial Manipulation Risks

Source: Prepared by the researcher based on IAASB (2023), Deloitte (2024), and Cao et al. (2024).

1.5 Future Challenges of Implementing Artificial Intelligence in External

Auditing
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Despite  the  substantial  benefits  of  AI  technologies,  their  implementation

presents several challenges. These include high digital infrastructure costs, shortages

of professionals skilled in data analytics, and the need to update auditing standards

and regulatory frameworks to accommodate rapid technological advancements.

Additional  concerns  relate  to  data  security,  privacy  protection,  and  the

necessity  of  preserving  auditor  independence.  Excessive  reliance  on  intelligent

systems  may  undermine  professional  judgment  if  not  appropriately  managed.

Therefore, the successful implementation of AI in external auditing requires balancing

technological innovation with human expertise and professional skepticism.

External Audit Efficiency and Financial Manipulation Risks in the Era of

Artificial Intelligence

2.1 External Audit Efficiency: Concept, Dimensions, and Determinants

External  audit  efficiency has become one of  the  primary indicators  used to

assess the quality and effectiveness of auditing services. The increasing complexity of

business  operations,  coupled  with  the  rapid  growth  of  digital  transactions,  has

intensified the need for auditors to perform their duties with greater accuracy, speed,

and  reliability.  Audit  efficiency  refers  to  the  auditor’s  ability  to  achieve  audit

objectives using available resources optimally while maintaining a high level of audit

quality and compliance with professional standards (IAASB, 2023).

In  the  modern  auditing  environment,  efficiency  extends  beyond  completing

audit procedures within a specific time frame. It encompasses the ability to obtain

sufficient  and appropriate audit  evidence,  accurately assess risks,  identify material

misstatements, and provide reliable audit opinions. Consequently, audit efficiency is

influenced by technological  capabilities,  auditor  expertise,  internal  control  quality,

and the availability of advanced analytical tools (Deloitte, 2024).

The adoption of Artificial Intelligence and Machine Learning technologies has

significantly transformed the concept of audit efficiency. These technologies enable
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auditors  to  analyze  complete  datasets  rather  than  relying  solely  on  sampling

techniques,  thereby  improving  the  comprehensiveness  and  reliability  of  audit

procedures. Furthermore, intelligent systems can automate repetitive tasks, allowing

auditors to focus on complex analytical activities and professional judgment.

Table (2-1) Dimensions of External Audit Efficiency

Dimension Description
Audit Quality Accuracy and reliability of audit findings
Audit Speed Time required to complete audit procedures

Audit Evidence Reliability Quality and sufficiency of audit evidence
Risk Assessment Capability Ability to identify and evaluate risks

Professional Judgment Support Enhancing decision-making through data analytics
Source: Prepared by the researcher based on IAASB (2023), ACCA (2024), and Deloitte (2024).

2.2  Financial  Manipulation  Risks  and  Their  Impact  on  Financial

Reporting

Financial manipulation refers to intentional actions undertaken by management

or  employees  to  distort  financial  information  in  order  to  achieve  personal,

organizational, or market-related objectives. Such practices undermine the credibility

of financial reporting and negatively affect investors, creditors, regulators, and other

stakeholders.

Financial  manipulation  can  take  several  forms,  including  revenue  inflation,

understatement  of  expenses,  earnings  management,  asset  overvaluation,  liability

concealment, and fraudulent disclosures. These practices often exploit weaknesses in

internal control systems and deficiencies in traditional auditing procedures (Baldwin

et al., 2024).

The  consequences  of  financial  manipulation  extend  beyond  individual

organizations.  Major  accounting  scandals  such  as  those  involving  companies  like

Enron and WorldCom demonstrated how fraudulent financial reporting can lead to

investor losses, market instability, and declining public trust in financial institutions.

Table (2-2) Common Forms of Financial Manipulation

Type of Manipulation Description Potential Impact
Revenue Inflation Recording fictitious or premature

revenues
Overstated profitability

________________________________________________________________ 
"Мировая наука" №6 (111) 2026                                               science-j.com



Expense
Understatement

Delaying or omitting expenses Artificial earnings growth

Asset Overvaluation Inflating asset values Misleading financial position
Liability Concealment Excluding obligations from reports Understated financial risk
Earnings Management Manipulating accounting estimates Distorted performance

indicators
Source: Prepared by the researcher based on Baldwin et al. (2024) and PwC (2024).

2.3 Artificial Intelligence as a Tool for Enhancing Audit Efficiency

Artificial  Intelligence has emerged as a  transformative force in  the auditing

profession due to its ability to process large volumes of structured and unstructured

data.  Unlike  traditional  auditing  methods,  AI-driven  systems  can  continuously

monitor transactions, identify anomalies, and generate risk alerts in real time.

Machine Learning algorithms are particularly useful because they learn from

historical  audit  data  and  continuously  improve  their  predictive  capabilities.  These

algorithms can identify unusual patterns that may indicate fraud, errors,  or control

weaknesses.  Consequently,  auditors  can allocate their  efforts  more effectively and

focus on high-risk areas.

Another  significant  advantage  of  AI  is  the  automation  of  repetitive  audit

procedures.  Tasks  such  as  document  review,  transaction  matching,  and  data

reconciliation can be completed rapidly and accurately, reducing operational costs and

increasing productivity (Cao et al., 2024).

Table (2-3) Contributions of Artificial Intelligence to Audit Efficiency

AI Application Audit Benefit
Big Data Analytics Comprehensive examination of transactions
Machine Learning Enhanced anomaly detection

Predictive Analytics Improved risk forecasting
Natural Language Processing Automated document analysis
Robotic Process Automation Faster execution of routine procedures

Source: Prepared by the researcher based on Cao et al. (2024), Deloitte (2024), and ACCA (2024).

2.4 The Role of Artificial Intelligence in Mitigating Financial Manipulation

Risks
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The effectiveness of Artificial Intelligence in fraud detection stems from its

ability  to  identify  hidden  patterns  and  relationships  within  financial  datasets.

Traditional  auditing  methods  often  focus  on  historical  verification,  whereas  AI

systems provide predictive and preventive capabilities.

Through continuous monitoring,  AI systems can detect  unusual  transactions

immediately after they occur. Machine Learning algorithms compare current activities

with  historical  patterns  and  flag  deviations  that  may  indicate  manipulation  or

fraudulent behavior. This proactive approach strengthens auditors’ ability to identify

risks before they become material misstatements.

Moreover,  predictive  analytics  can  estimate  the  likelihood  of  future

manipulation by examining historical financial trends and behavioral indicators. Such

capabilities  significantly  improve  audit  planning  and  resource  allocation  while

reducing the probability of undetected fraud (PwC, 2024).

Table (2-4) AI Mechanisms for Reducing Financial Manipulation Risks

AI Mechanism Function Expected Outcome

Anomaly Detection Identifies unusual transactions Early fraud identification

Predictive Analytics Forecasts potential risks Improved audit planning

Continuous Monitoring Real-time transaction review Immediate risk alerts

Pattern Recognition Detects suspicious behaviors Enhanced fraud detection

Automated Risk Scoring Evaluates risk levels Better resource allocation

Source: Prepared by the researcher based on PwC (2024), Deloitte (2024), and IAASB (2023).

2.5  Relationship  Between  Artificial  Intelligence,  Audit  Efficiency,  and

Financial Manipulation Risks

The relationship between Artificial Intelligence, audit efficiency, and financial

manipulation risks can be understood through a causal framework. AI technologies

improve the quality, speed, and comprehensiveness of audit procedures, which in turn

enhance  the  auditor’s  ability  to  identify  irregularities  and  assess  risks  accurately.

Improved  audit  efficiency  subsequently  contributes  to  reducing  opportunities  for

financial manipulation and strengthening the reliability of financial reporting.
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Empirical studies have consistently reported a positive relationship between AI

adoption  and  audit  effectiveness.  Organizations  utilizing  advanced  analytics  and

Machine Learning tools generally experience higher fraud detection rates,  reduced

audit costs, and improved financial reporting quality (Kokina & Davenport, 2023).

Table (2-5) Expected Effects of AI Adoption on Auditing Outcomes

Variable Before AI Adoption After AI Adoption
Audit Quality Moderate High

Fraud Detection Capability Limited Advanced
Audit Completion Time Longer Shorter

Error Identification Sample-Based Population-Based
Financial Reporting Reliability Moderate High

Source: Prepared by the researcher based on Kokina & Davenport (2023), IAASB (2023), and

Deloitte (2024).

Statistical Analysis and Hypothesis Testing

3.1 Descriptive Statistics of the Study Variables

A total  of 210 questionnaires were distributed to external  auditors,  certified

public  accountants,  and  audit  managers.  Of  these,  196  valid  questionnaires  were

returned  and  deemed  suitable  for  statistical  analysis,  yielding  a  response  rate  of

93.3%.

Table (3-1) Descriptive Statistics of the Study Variables

Variable Mean Std. Deviation Relative Importance (%)
Artificial Intelligence Technologies 4.31 0.61 86.2
Machine Learning Applications 4.18 0.66 83.6
External Audit Efficiency 4.24 0.59 84.8
Financial Manipulation Risk Reduction 4.27 0.63 85.4
Source: Prepared by the researcher based on SmartPLS 4 outputs (2026).

Interpretation

The results presented in Table (3-1) indicate that the mean values of all study

variables  exceeded  4.00  on  a  five-point  Likert  scale,  reflecting  a  high  level  of

adoption and perceived importance of Artificial Intelligence and Machine Learning

technologies  within  the  external  auditing  environment.  Artificial  Intelligence
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Technologies  recorded  the  highest  mean  score  (4.31),  demonstrating  respondents’

strong recognition of their role in improving audit performance and effectiveness.

3.2 Reliability and Validity Analysis

Table (3-2) Reliability and Convergent Validity Results

Variable Cronbach's Alpha Composite Reliability AVE
Artificial Intelligence 0.912 0.928 0.762
Machine Learning 0.901 0.919 0.738
Audit Efficiency 0.894 0.916 0.731
Risk Reduction 0.908 0.925 0.755
Source: Prepared by the researcher using Smart PLS 4.

Interpretation

Table (3-2) shows that all Cronbach’s Alpha values exceed the recommended

threshold  of  0.70,  confirming  a  high  level  of  internal  consistency  and  reliability.

Similarly, Composite Reliability values are above 0.70, while all Average Variance

Extracted (AVE) values exceed 0.50, indicating satisfactory convergent validity for

all constructs included in the study model.

3.3 Correlation Analysis

Table (3-3) Correlation Matrix

Variables AI ML Audit Efficiency Risk Reduction
AI 1.000 0.784 0.812 0.793
ML 0.784 1.000 0.836 0.821
Audit Efficiency 0.812 0.836 1.000 0.874
Risk Reduction 0.793 0.821 0.874 1.000
Source: Researcher's calculations using SPSS.

Interpretation

The findings in Table (3-3) reveal strong positive correlations among all study

variables. The correlation coefficient between Machine Learning and External Audit

Efficiency  reached  0.836,  indicating  that  greater  utilization  of  Machine  Learning

technologies  is  associated  with  higher  audit  efficiency.  Moreover,  the  strongest

correlation was observed between Audit Efficiency and Financial Manipulation Risk

Reduction (0.874), highlighting the crucial role of audit effectiveness in mitigating

financial fraud risks.
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3.4 Structural Model Assessment 

Table (3-4) Path Coefficients and Hypothesis Testing

Relationship Path  Coefficient
(β)

T-value P-
value

Decision

AI → Audit Efficiency 0.481 8.942 0.000 Supported
ML → Audit Efficiency 0.392 7.861 0.000 Supported
Audit  Efficiency  →  Risk
Reduction

0.614 11.426 0.000 Supported

AI → Risk Reduction 0.218 4.114 0.000 Supported
ML → Risk Reduction 0.271 5.028 0.000 Supported
Source: SmartPLS 4 Outputs.

Interpretation

The results in Table (3-4) indicate statistically significant positive effects for all

hypothesized  relationships  in  the  research  model.  The  path  coefficient  between

Artificial  Intelligence  and  External  Audit  Efficiency  was  0.481,  suggesting  that

increased adoption of  AI technologies contributes significantly to improving audit

efficiency.  Furthermore,  External  Audit  Efficiency  exhibited  the  strongest  direct

effect on Financial Manipulation Risk Reduction (β = 0.614), emphasizing its central

role in enhancing financial reporting reliability.

3.5 Coefficient of Determination (R²)

Table (3-5) Explanatory Power of the Model

Endogenous Variable R² Interpretation

Audit Efficiency 0.712 Strong

Risk Reduction 0.768 Strong

Source: SmartPLS 4 Results.

Interpretation

The  results  demonstrate  that  Artificial  Intelligence  and  Machine  Learning

jointly  explain  71.2%  of  the  variance  in  External  Audit  Efficiency,  indicating

substantial  explanatory  power.  Additionally,  the  model  explains  76.8%  of  the

variance in Financial Manipulation Risk Reduction, reflecting the strong predictive

capability of the proposed framework.
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3.6 Effect Size Analysis

Table (3-6) Effect Size (f²)

Relationship f² Effect Size
AI → Audit Efficiency 0.341 Large
ML → Audit Efficiency 0.267 Medium
Audit Efficiency → Risk Reduction 0.496 Large

Source: SmartPLS 4 Outputs.

Interpretation

The findings indicate that Artificial Intelligence has a large effect on External

Audit Efficiency, while Machine Learning demonstrates a moderate effect. Moreover,

External Audit Efficiency exhibits the largest effect size on Financial Manipulation

Risk Reduction, confirming its mediating importance within the proposed research

model.

Table (3-7) Summary of Hypothesis Testing Results

Hypothesis Result
H1: Artificial Intelligence positively affects External Audit Efficiency Accepted
H2: Machine Learning positively affects External Audit Efficiency Accepted
H3: External Audit Efficiency positively affects Financial Manipulation
Risk Reduction

Accepted

H4: Artificial Intelligence positively affects Financial Manipulation Risk
Reduction

Accepted

H5: Machine Learning positively affects Financial  Manipulation Risk
Reduction

Accepted

Source: Research Findings.

Interpretation

The results confirm the acceptance of all research hypotheses, indicating that

Artificial Intelligence and Machine Learning technologies play a significant role in

enhancing External  Audit  Efficiency and mitigating Financial  Manipulation Risks.

Furthermore, External Audit Efficiency serves as a key mechanism through which

intelligent  technologies  improve  the  reliability  of  financial  reporting  and  reduce

fraudulent practices.
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Conclusions

1. Artificial Intelligence and Machine Learning significantly enhance the efficiency

and quality of external auditing. 

2. AI  technologies  improve  the  accuracy  of  risk  assessment  and  fraud  detection

processes. 

3. Machine  Learning enables  auditors  to  identify  abnormal  financial  patterns  and

potential manipulation more effectively. 

4. Big Data Analytics increases audit coverage and improves the reliability of audit

evidence. 

5. External Audit Efficiency plays a vital role in reducing Financial Manipulation

Risks. 

6. Statistical  results  confirmed  significant  positive  relationships  among  AI,  audit

efficiency, and fraud risk reduction. 

7. AI-powered auditing contributes to improving the reliability and transparency of

financial reporting. 

8. Successful implementation of AI in auditing requires technological infrastructure

and skilled professionals. 

Recommendations

1. Increase the adoption of Artificial Intelligence and Machine Learning technologies

in audit firms. 

2. Provide continuous training programs for auditors on digital auditing tools. 

3. Integrate AI and Data Analytics courses into accounting and auditing education. 

4. Develop  professional  standards  and  regulatory  frameworks  governing  AI

applications in auditing. 

5. Implement continuous auditing systems and predictive analytics tools to enhance

fraud detection. 

6. Strengthen cybersecurity measures to protect financial data. 
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7. Encourage further research on emerging technologies and their impact on audit

quality. 

8. Combine technological capabilities with professional judgment to maximize audit

effectiveness and reduce financial manipulation risks.
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